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Abstract

Technologies are advancing rapidly« particularly in the field of artificial intelligence.
In this research« we present a system developed using Python that applies deep learning
techniques to enhance data protection against spoofing attacks. The proposed anti-spoof-
ing system identifies only live faces of users« thereby preventing unauthorized access. This
approach significantly improves security levels and reduces risks of data and information
theft. Further more« the system can be applied in sensitive environments such as banks
and warehouses« where facial recognition ensures secure access and protection against
spoofing attempts.
Keywords: Artificial intelligence« deep learning« data processing« online fraud detec-
tion¢ cyber security« intelligent systems« real-life facial recognition
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